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Kas ir masinmacisanas / statistiska macisanas?
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Populan pielietojumi




Populari pielietojumi
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Populari pielietojumi
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Populari pielietojumi
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Populari pielietojumi
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Masi anas tipi




Uzraudzita macisanas
Neuzraudzita macisanas
Pastiprinata macisanas

Dzila masinmacisanas

Masinmacisanas tipi

Supervised Learning Unsupervised Learning Reinforcement Learning Deep Learning

* Regression —sales
forecasting

* Classification — grouping
potential customers

Cl fication Regression
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* Clustering — splitting

customers by preferences

* Dimensionality Reduction

— storing less data
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* Reasoning - robotics

* Neural Networks —image
recognition




acisanas tipi

sinmacisanas
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Predicted Probability
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Masinmacisanas tipi
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Masinmacisanas tipi

eo @ o
O @ -
...'g. “..‘

®
® ®
@ o
®
o ©
® o
4
.
%%
I I i i i i
-40 -20 0 20 40 60

20

-20

-60

Ao o
.. * ‘A
o0 © ° & .
ALTAT A A
A
o
® A L
A
o ©
® o
o
@ o
%%
| | | | [ [
-40 -20 0 20 40 60




Masinmacisanas tipi
environment
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Masinmacisanas problemu veidi
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Masinmacisanas problemu veidi

Regresija

Klasifikacija

Klasteresana / grupesana

Laika rindu prognozesana

Anomaliju noteiksana

Novertesana / rankings

leteikumu veidosana (rekomendaciju sistemas)

Datu generésSana



Masinmacisanas problemu veidi

Meaningful
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Masinmacisanas modelu veidi



Masinmacisanas modelu veidi

Lineara regresija

Logistiska regresija

Lemumu pienemsanas Kokl
Atbalsta vektoru masinas (SVM)
Neironu tikli

K-videja (k-means) metode



Masinmacisanas modelu veidi

scikit-learn
algorithm cheat-sheet
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Programmesanas valodas




Programmesanas valodas

ﬁ oython
Programming




Linearas regresijas modelis




Sales

25

20

15

10

Linearas regresijas modelis

Go . N ’o/ .: e : °®
:. % *—% o o o ||*° o “
o' O;f/.’.°°:° °® o N .:. ‘s o ® o
/o‘,{:/.
4e°
| | | | | | |
0 50 100 150 200 250 300
TV

Y =00+ 01X +e

sales = By + B1 X TV.




Logistiskas regresijas modelis




Logistiskas regresijas modelis

Logistic Regression Example

« Boundary
+ False samples

» True samples



Lemumu pienemsanas koku (decision trees) modelis




Lemumu pienemsanas koku (decision trees) modelis

Regresija Klasifikacija

ThlaI:a
1
Years,< 4.5
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Lemumu pienemsanas koku (decision trees) modelis

decision nodes root node

salary at least
$50,000
yes no
commute more os decline
than 1 hour y offer

no

offers free decline
no

accept decline
offer offer

Decision Tree:
Should | accept a new
job offer?

leaf nodes




Atbalsta vektoru masinas (SVM) modelis



Atbalsta vektoru masinas (SVM) modelis




Dzilas apmacibas modelis - neironu tikli




Dzilas apmacibas modelis - neironu tikli

Regresija Klasifikacija
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Klasteresanas metodes - k-videja (k-means) metode




Klasteresanas metodes - k-videja (k-means) metode
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https://teachablemachine.withgoogle.com/train

= Teachable Machine

New Project

#\ Open an existing project from Drive.

[ Open an existing project from a file.

Image Project

Teach based on images, from
files or your webcam.

Audio Project Pose Project
Teach based on one-second-long Teach based on images, from
sounds, from files or your files or your webcam.

microphone.



Paldies par uzmanibu!!!



